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ABSTRACT : 

 Nowadays, social media is becoming more 

popular. On tourism websites, millions of 

users evaluate and rate tourist attractions 

every day. These evaluations may be 

subjected to sentiment analysis, which will 

aid in determining the popularity of tourism 

destinations. Tourists may simply choose a 

tour location based on the sentiment analysis 

results. Sentiment analysis has been 

accomplished utilizing a machine learning 

technique in this work. The data was 

gathered from a variety of travel review 

websites. We compared two feature 

extraction techniques, Count Vectorization 

and TFIDF Vectorization, in this paper. 

Along with Naive Bayes (NB), Support 

Vector Machine (SVM), and Random Forest 

as classification techniques (RF). Various 

measures such as accuracy, recall, precision, 

and f1-score were used to compare 

algorithm performance. For the supplied 

review dataset, we discovered that the 

TFIDF Vectorization feature extraction 

technique outperformed the Count 

Vectorization feature extraction algorithm in 

terms of classification accuracy. TFIDF 

Vectorization RF has delivered the greatest 

accuracy of 86 percent for a study dataset 

utilized in sentiment categorization of tourist 

site reviews. 

Keywords :     tourism websites, sentiment 

analysis. 

 

I INTRODUCTION 

  Nowadays, social media is quickly 

expanding. On a daily basis, millions of 

people publish reviews and evaluate tourist 
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attractions on tourism websites. This review 

can be analyzed using sentiment analysis. A 

proper examination of evaluations will 

reveal a pattern in the popularity of tourist 

destinations. The sentiment analysis findings 

will be summarized to assist travelers in 

deciding on a trip location and itinerary. 

Two feature extraction algorithms, 

CountVectorization and 

TFIDFVectorization, were used in this 

research paper. For sentiment categorization, 

three classification algorithms were used: 

Naive Bayes (NB), Support Vector Machine 

(SVM), and Random Forest (RF). On the 

basis of characteristics such as execution 

time, accuracy, recall, precision, and f1-

score, performance for a combination of 

feature extraction and classification 

algorithms has been compared. The age of 

big data has arrived in tourism research. 

Academia and business are now better 

positioned to analyse and research visitor 

behaviour and the tourism market thanks to 

big data analysis. Big data analysis, 

according to Li et al., may give adequate 

data without adding sampling bias and can 

also compensate for the survey data's sample 

size restrictions, allowing for a better 

understanding of visitor behaviour. Big data 

analysis, according to Sivarajah et al., may 

lead to new knowledge, and as a result, it 

has become the standard way for obtaining 

usable data. User-generated content (UGC) 

is one of the most significant data sources 

for big data, ranging from blogs and social 

media postings to online travel review sites. 

User-generated content (UGC) consists of 

insightful input offered by users on the fly. 

This feedback data is generally accessible 

for little or no cost, and it is also simple to 

collect. Such feedback also has potential 

financial value in domains such as targeted 

advertising, customer–company interactions, 

and brand communication . 

TripAdvisor and other online travel review 

sites create enormous volumes of text-based 

online travel review data, which is an 

important sort of UGC. Researchers and 

practitioners may use online review text data 

to better understand visitors' travel 

preferences and requirements. The views 

stated in user-generated comments also have 

a significant impact on prospective visitors' 

decisions. The properties of large data have 

made knowledge extraction more difficult. 

For big data applications, the topic of how to 

turn data into useful information has become 

critical. Previous online review study has 

mostly focused on the website's quantitative 

evaluations, neglecting the language of 

online reviews. Ratings can't tell you what 

features of a product visitors like or hate, but 
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such information is usually provided in the 

review content. Furthermore, many 

consumers are intimidated by the vast 

quantity of review material available on 

travel review websites. Similar issues have 

been raised by researchers in other domains. 

While urban traffic congestion is quickly 

expanding, Ali et al. pointed out that a city's 

rating score is inadequate to offer correct 

information; nonetheless, comments or 

tweets may aid travellers and traffic 

management in comprehending all elements 

of the city. As a consequence, an efficient 

system to assist users in identifying the key 

material and emotions inherent in the review 

language is required. 

Travel bookings, the relationship between 

travellers and the travel industry, and how 

vacationers communicate their travel 

experiences have all altered as a result of 

innovation and the Internet. Because of the 

variety of options, the tourism industry's 

mass markets have dispersed. Regardless, 

worldwide interest has not decreased; on the 

contrary, it has increased. Another critical 

aspect, rapid change, is gaining traction with 

new client profiles, particularly the supposed 

third generation of movement business 

buyers, automated locals who just appreciate 

the planet via their online proximity and 

take advantage of the majority of its 

features. In this unusual circumstance, 

advanced phases where customers 

communicate their perceptions of travel 

industry experiences are starting to have 

more weight than corporate content created 

by organisations and companies. One of the 

most important major sectors for various 

local cities is tourism. The revitalization of 

tourism leads to the revitalization of local 

industries and communities. Individuals 

follow the advice of friends and relatives 

and use it as a guide for booking hotels, 

planning trips, and making purchasing 

decisions. According to studies, sixty-five 

percent of leisure travellers do online 

research before deciding on a vacation 

location, and sixty-nine percent of their 

plans are influenced by online travel 

evaluations. The importance of client 

engagement methods for maintaining 

customer-brand connections is now critical 

in the tourism industry. Social Network 

Sites (SNS) have become an essential 

component of consumer and company 

advertising in order to broaden the reach of 

existing relationships. SNS like Facebook, 

LinkedIn, and Twitter have attracted a large 

number of users who exchange data with a 

large number of people at the same time. It 

isn't news that the world of business is 

dynamic. There is a lot of information, both 
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organised and unstructured, being created at 

ever-increasing rates, which, once converted 

into data, gives companies a concrete price. 

Because massive amounts of information are 

rapidly expanding in every industry, the case 

of business enterprise trade or any other 

field where a large amount of knowledge 

must be handled, retrieved, and maintained 

in order to operate ecommerce sites or 

businesses successfully is no exception. 

Because of the importance of influencing 

customer cooperation and influencing how 

vacationers perceive their experience, the 

usage of programmed devices in 

interpersonal organisations for the travel 

industry division has generated adequate 

writing. This is possible if you are aware of 

the audits of internet customers that may be 

present in any sort of data. To study such a 

large amount of data, we will use evaluation 

examination or sensation mining using AI 

methods in order to assist in the 

development of action plans. As a result, for 

a travel industry business to grow, its 

specialties figures must increase their 

marketing efforts and the implementation of 

their corporate website in order to improve 

consumer feedback. 

 

 

II. LITERATURE SURVEY 

 Anshu Jain et al. (2012) investigated how to 

automatically detect feelings in user views. 

It is easy to distinguish between items that 

are weak and those that are powerful by 

analysing the views of people about the 

products. Sentiment analysis may be used to 

discover this. This necessitates the creation 

of a technology that can automatically 

extract opinion words and determine their 

polarity using a lexicon. This reduces the 

amount of time it takes to analyse and 

evaluate these views by hand. It also 

emphasises the necessity of utilising 

unstructured text instead of pricey training 

data. It is disclosed a process that is based 

on rules, in which product comments are 

obtained from opinion-forming sites and 

analysis is performed. As a result, a person 

should be able to determine if a product's 

opinion is favourable, negative, or neutral. 

The system employs current information to 

compute positive and negative ratings. Over 

the training data, the algorithm also 

calculates the efficacy of Lexical resources. 

Kang Liu et al. (2012) proposed a technique 

for calculating opinion objectives based on 

WTM (Word-based Translation Model). In 

order to extract the linkages between 

opinion targets and opinion words, this 
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model is first developed in a monolingual 

setting. The candidate opinion importance 

assessed from the resulting relationships is 

then combined with the candidate 

importance to construct a global measure 

using a graph-based method. This strategy 

may conquer opinion relations with more 

precision when using WTM, especially for 

long-term relationships. In comparison to 

other current syntax-based techniques, our 

methodology may effectively remove noise 

from parsing failures when dealing with 

casual writings in large online corpora. 

Opinion targets are produced in a global 

process using a graph-based technique, 

which effectively reduces the error 

propagation difficulties in traditional 

bootstrap-based approaches like double 

propagation. It proves that this strategy is 

more efficient and resilient via trials on 

three real-world datasets of varied sizes and 

languages. 

Arun Meena and Prabhakar (2007) use 

language analysis to analyse sentiment at the 

sentence level when conjuncts are present. 

This approach is shown for determining the 

feelings associated with a statement or 

phrase. Sentiment analysis has mostly been 

used to documents, such as an opinion or a 

new product. Conjunctions have a large 

impact on the overall emotion of a sentence; 

as a result, the presence of conjuncts shows 

a method by which atomic feelings of 

different phrases integrate with one another 

to determine the overall sentiment of a 

sentence. The phrase structures are 

examined using word dependencies and 

dependency trees, and the result achieved is 

around 80%. It also investigates the impact 

of WordNet on output accuracy. Using a 

learning system to do base level sentiment 

analysis and conjunct inquiry to organise 

these phrase level sentiments into sentence 

level sentiments improves accuracy. 

III  SYSTEM ANALYSIS 

EXISTING SYSTEM 

    A consumer may become an active user 

by leaving feedback on various 

products/services that may be of interest to 

other prospective customers. However, there 

are hundreds, thousands, or even millions of 

product/service related evaluations 

accessible on the internet, and reading all of 

them is a time-consuming and exhausting 

effort for the client. As a result, there is a 

void in the market for appropriate 

methodologies that automatically summarise 

these evaluations into a good or negative 

category in order to provide meaningful 

information to the user. 
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PROPOSED SYSTEM 

  Various strategies of sentiment analysis 

have been researched and compared in the 

suggested method. Document level, phrase 

level, and aspect level are the several levels 

of feelings that have been developed. 

Machine learning, rule-based, and lexical 

approaches were employed in this research 

for sentiment analysis. SVM (Support 

Vector Machine), NB (Naive Bayes), and 

feature-driven sentiment analysis are some 

of the methods used in machine learning 

methodologies. Various techniques to 

sentiment analysis have been examined, and 

the benefits and drawbacks of each have 

been thoroughly documented. Various 

comparative metrics, such as performance, 

efficiency, and accuracy, have shown that 

the machine learning technique produces the 

greatest results. 

IV   IMPLEMENTATION  

Architecture: 

 

Fig-1.. architectures of the system model 

 MODULES: 

● User. 

● Tourist guide 

● Admin 

● Machine learning 

MODULES DESCRIPTION: 

User: 

 The first may be registered by the user. For 

future contact, he needed a valid User email 

and cellphone number while registration. 

After the User has registered, the 

administrator may activate the User. After 

the user has been activated by the admin, the 

user may log into our system. After logging 

in, he may search for a certain tourist 

attraction and read opinions about it. The 

user may also look for information on tourist 

destinations and packages, among other 

things. 

Tourist guide: 

 The first may be registered by the guide. 

For future contact, he needed a valid User 

email and cellphone number while 

registration. After the guide has registered, 

the administrator can activate the guide. 

After the guide has been activated by the 

admin, the guide may log into our system. 
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The tourist destinations may be uploaded 

here by the guide. 

Admin: 

 With his credentials, the administrator can 

log in. He may activate the users and tourist 

guide after logging in. Our apps are only 

accessible to activated users and guides. To 

forecast emotional analysis, we may use 

naive bayes algorithms, svm, and random 

forest. 

Machine learning: 

 Machine learning is the process of a 

computer gaining the capacity to make 

predictions and make the best choices by 

studying and learning a significant amount 

of data. Deep learning, artificial neural 

networks, decision trees, and improvement 

algorithms are examples of representation 

algorithms. Machine learning is a major 

method for computers to gain artificial 

intelligence. Machine learning is now 

widely used in a variety of artificial 

intelligence disciplines. Machine learning 

may be utilised in a variety of situations, 

including internet search, biometric 

identification, auto driving, Mars robots, 

American presidential elections, military 

decision aides, and so on. 

 

A. Dataset  

 Review data from several tourist websites is 

used in the study. The data, which comprises 

of review text and accompanying ratings, 

was gathered in CSV format. We 

determined if the emotion was good, 

negative, or neutral based on the rating. It is 

regarded favourable if the rating is more 

than three. If it's less than 3, it's regarded 

negative; if it's equal to 3, it's considered 

neutral. 

B. Data Preprocessing 

  Because social media data is so raw, it 

needed to be cleansed. Tokenization, Stop 

word elimination, stemming, and 

lemmatization are some of the procedures in 

data preparation. 

Tokenization is the process of breaking 

down a statement into words. Tokenization 

is the process of converting each word into a 

token. x Remove the word "stop" Words that 

appear often in texts, such as a, the, this, 

you, in, is, was, and so on, are stop words 

that should not be sent to text mining 

algorithms. We employed a tailored stop 

word list in the research study, which 

included terms that were unrelated and 

appeared often in the corpus. This has 
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decreased the size of the feature vector and 

increased the system's performance. 

Tokens in the past or future tenses are 

lemmatized and transformed to the present 

tense. Third-person tokens are also changed 

to first-person tokens. To provide an 

example, token mountains have been 

changed to mountains. 

Stemming is the process of determining the 

underlying word of a token. 

For example, token hiking is now trekk. 

in addition to the preceding stages For 

improved performance of machine learning 

algorithms, short word removal, punctuation 

mark removal, numeric and special character 

removal, and lower case conversion have 

been conducted. 

C. Feature Extraction  

 In natural language processing, there are a 

variety of feature extraction methods. For 

feature extraction from reviews data, we 

employed the Count Vectorization and 

TFIDF Vectorization algorithms. The Count 

Vectorization method is the same as the Bag 

of Words (BoW) method. It is a count of the 

number of times a text appears in a 

document, as well as the frequency with 

which it appears. TFIDF Vecrorization, on 

the other hand, is an extension of 

CountVectorization in which inverse 

document frequency is taken into account 

alongside term frequency. 

D. Training Model  

 For the training model, 80 percent of the 

data was utilised. For the training reviews 

dataset, the researchers used Linear Support 

Vector Machine, Multinomial Naive Bayes, 

and Random Forest as classification 

methods. 

E. Testing Model  

 A total of 20% of the data from the reviews 

has been utilised for testing. To forecast 

polarity of sentiment, testing was done on 

fresh, unseen reviews. The emotion of a 

review will be classified into three 

categories by a trained model: positive, 

negative, and neutral. 

F. Visualization Predicted 

 The percentage distribution of positivity, 

negativity, and neutrality of reviews of each 

tourist attraction was shown on a pie chart 

using Matplotlib..  

G. Performance Evaluation 

 One of the most important steps in machine 

learning is performance assessment. The 
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accuracy score, precision, recall, f1-score, 

and execution time measurement were used 

to evaluate the performance. 

V  RESULT AND DISCUSSION    

 Home page: 

 

Admin page: 

 

Guide-Details: 

 

User  login: 
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User  home: 

 

Guide  login: 

 

VI  CONCLUSION    

 We can conclude from the research that 

TFIDF Vectorization outperforms the Count 

Vectorization feature extraction approach in 

terms of classification accuracy. TFIDF 

Vectorization, on the other hand, takes 

longer to execute than the Count 

Vectorization technique. Support Vector 

Machine(SVM), Naive Bayes(NB), and 

Random Forest(RF) classification 

techniques were employed in the study. On 

the basis of numerous assessment metrics 

such as accuracy, precision, recall, and f1-

score, it was discovered that TFIDF 

Vectorization+RF beat other techniques. 

Further Enhancement 

 The research work on utilizing machine 

learning algorithms to classify tourist 

reviews has the potential to handle 

multilingual review categorization in the 

future. We'll also explore using alternative 

feature selection approaches, such as 

recursive feature reduction with cross-

validation, to increase classification 

accuracy. We'll attempt to utilise it in future 

projects. For greater results, use deep 

learning-based algorithms for feature 

extraction and categorization. 
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