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ABSTRACT When a new bug report is 

received, developers usually need to reproduce 

the bug and perform code reviews to find the 

cause, a process that can be tedious and time 

consuming. A tool for ranking all the source 

files with respect to how likely they are to 

contain the cause of the bug would enable 

developers to narrow down their search and 

improve productivity. This paper introduces an 

adaptive ranking approach that leverages project 

knowledge through functional decomposition of 

source code, API descriptions of library 

components, the bug-fixing history, the code 

change history, and the file dependency graph. 

Given a bug report, the ranking score of each 

source file is computed as a weighted 

combination of an array of features, where the 

weights are trained automatically on previously 

solved bug reports using a learning-to-rank 

technique. 

 We evaluate the ranking system on six large 

scale open source Java projects, using the 

before-fix version of the project for every bug 

report. The experimental results show that the 

learning-to-rank approach outperforms three 

recent state-of-the-art methods. In particular, our 

method makes correct recommendations within 

the top 10 ranked source files for over 70 

percent of the bug reports in the Eclipse 

Platform and Tomcat projects. 

 

I. INTRODUCTION 

A thing bug or twisting is a coding mess up that 

may cause an unintended or surprising direct of 

the thing segment. In the wake of finding a 

sporadic direct of the item adventure, a fashioner 

or on the other hand a customer will report it in a 

narrative, called a bug report or issue report. A 

bug report gives data that could help in fixing a 

bug, with the broadly useful of improving the 

thing quality. A beast number of bug reports 

could be opened during the improvement life-

instance of a thing. For example, there were 

3,389 bug reports made for the Obscuration 

Stage thing in 2013 alone. In a thing gathering, 

bug reports are comprehensively used by the two 

boss and experts in their bit by bit movement 

process. A designer who is given out a bug 

report by and large needs to emulate the 

unordinary lead furthermore, perform code 

concentrates so as to discover the clarification. 

Regardless, the passable grouping and lopsided 

nature of bug reports can make this method 

nontrivial. Basic data is great part of the time 

missing from a bug report. Bacchelli and Fowl 

disapproved of 165 heads and 873 programming 

engineers, and reported that finding surrenders 

requires a basic level energy about the code and 

nature with the important source code records. 

In the assessment, 798 respondents looked out 

for that it requires some theory to audit new 

records. While the measure of source records in 

an endeavor is routinely enormous, the measure 

of reports that contain the bug is normally 

exceptionally little. Along these lines, we 

acknowledge that a modified methodology that 

situated the source archives in respects to their 

noteworthiness for the bug report could 

invigorate the bug finding process by narrowing 

the sales to less possibly new records. The 

utilization of a solitary confided in power (TA) 

in the framework. It generates a load as well as 
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crucial issues, because the TA will reach all of 

the encrypted files. It opens the door to future 

access to privacy. The key downside of the 

system is that a data controller is already 

currently a respected authority (TA). The main 

drawback in the system is that the controller of 

the data is also a respected Authority. On the off 

chance that this is conspire were used for a PHR 

framework that incorporates numerous 

information proprietors and clients, it won't 

work as, regardless of whether the keys have a 

similar arrangement of traits, every client would 

get different key proprietors. Decryption keys 

accept only logically organized username 

attributes in one collection, allowing users to 

selectively mix attributes from several cloud 

providers with all possible combinations of 

attributes in one package imposed on their keys 

to meet regulation. In any case, Hierarchal 

characteristic based encryption utilizes disjoint 

ordinary structure approaches, and accept that all 

qualities of a similar conjunctive proviso are 

overseen by a similar area ace. Under specific 

policies that are difficult to implement in action, 

the same trait may be administrated. Important 

overhead control is the biggest drawback of this 

method. If every user gets keys from every PHR 

owner wishes to learn, the usability would be 

restricted. The program cannot accommodate 

composite attributes effectively relative to 

ASBE (Attribute Set Based Encryption) and 

does not accept several assignments to values. It 

needs a data owner to send every non-revoked 

user an updated ciphertext component. The 

overhead coordination of key revocation remains 

high while exchanging the details. In this 

project, we layout an entry system for handling 

cloud storage systems so that you get to manage 

them in a fine-grained way on an optimized CIP-

ABE loom set. The proposed program 

anticipates the usage of an appropriate exclusion 

approach to respond to the substantial increase 

in the advantages of consumer entry across a 

wide variety of environments. The check shows 

that in the subjective prophet reproduction the 

intended entry power complot is proved secure 

as well as successful in terms of the related 

training interests. 

Problem Statement: - Right when another bug 

report is gotten, originators for the most part 

need to reflect the bug and perform code surveys 

to discover the clarification, a procedure that can 

be dull and dismal. An instrument for situating 

all the source archives worried that they are so 

inclined to contain the explanation behind the 

bug would engage designers to restrict their 

request and improve gainfulness. This paper 

presents an adaptable situating system that 

utilization adventure data through reasonable 

weakening of source code, Organizations are 

usage-based and improvement is updated to 

attract a few consumers. As the front line 

development of the IT business, cloud storage 

needs to be regarded. The amount of thoughts 

from both technological and educational 

gathering grows continuously growing. Cloud 

storage restricts the usage and management of 

the services, such that consumers maintain their 

internal business and get their costly service 

free. 

 

II. EXISTING SYSTEM 

 To investigate the relationships in bug 

data, Sandusky et al. form a bug report 

network to examine the dependency 

among bug reports. 

 Besides studying relationships among 

bug reports, Hong et al. build a 

developer social network to examine the 

collaboration among developers based 

on the bug data in Mozilla project. This 

developer social network is helpful to 

understand the developer community 

and the project evolution. 

 By mapping bug priorities to 

developers, Xuan et al. identify the 

developer prioritization in open source 

bug repositories. The developer 
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prioritization can distinguish developers 

and assist tasks in software 

maintenance. 

 To investigate the quality of bug data, 

Zimmermann et al. design 

questionnaires to developers and users 

in three open source projects. Based on 

the analysis of questionnaires, they 

characterize what makes a good bug 

report and train a classifier to identify 

whether the quality of a bug report 

should be improved. 

 Duplicate bug reports weaken the 

quality of bug data by delaying the cost 

of handling bugs. To detect duplicate 

bug reports, Wang et al. design a natural 

language processing approach by 

matching the execution information. 

DISADVANTAGES OF EXISTING SYSTEM 

 Traditional software analysis is not 

completely suitable for the large-scale 

and complex data in software 

repositories. 

 In traditional software development, 

new bugs are manually triaged by an 

expert developer, i.e., a human triager. 

Due to the large number of daily bugs 

and the lack of expertise of all the bugs, 

manual bug triage is expensive in time 

cost and low in accuracy. 

 

III. PROPOSED SYSTEM 

 In this paper, we address the problem of 

data reduction for bug triage, i.e., how to 

reduce the bug data to save the labor 

cost of developers and improve the 

quality to facilitate the process of bug 

triage. 

 Data reduction for bug triage aims to 

build a small-scale and high-quality set 

of bug data by removing bug reports and 

words, which are redundant or non-

informative. 

 In our work, we combine existing 

techniques of instance selection and 

feature selection to simultaneously 

reduce the bug dimension and the word 

dimension. The reduced bug data 

contain fewer bug reports and fewer 

words than the original bug data and 

provide similar information over the 

original bug data. We evaluate the 

reduced bug data according to two 

criteria: the scale of a data set and the 

accuracy of bug triage. 

 In this paper, we propose a predictive 

model to determine the order of 

applying instance selection and feature 

selection. We refer to such 

determination as prediction for 

reduction orders. 

 Drawn on the experiences in software 

metrics,1 we extract the attributes from 

historical bug data sets. Then, we train a 

binary classifier on bug data sets with 

extracted attributes and predict the order 

of applying instance selection and 

feature selection for a new bug data set. 

ADVANTAGES OF PROPOSED SYSTEM 

 Experimental results show that applying 

the instance selection technique to the 

data set can reduce bug reports but the 

accuracy of bug triage may be 

decreased. 

 Applying the feature selection technique 

can reduce words in the bug data and the 

accuracy can be increased. 

 Meanwhile, combining both techniques 

can increase the accuracy, as well as 

reduce bug reports and words. 

 Based on the attributes from historical 

bug data sets, our predictive model can 
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provide the accuracy of 71.8 percent for 

predicting the reduction order. 

 We present the problem of data 

reduction for bug triage. This problem 

aims to augment the data set of bug 

triage in two aspects, namely a) to 

simultaneously reduce the scales of the 

bug dimension and the word dimension 

and b) to improve the accuracy of bug 

triage. 

 We propose a combination approach to 

addressing the problem of data 

reduction. This can be viewed as an 

application of instance selection and 

feature selection in bug repositories. 

 We build a binary classifier to predict 

the order of applying instance selection 

and feature selection. To our knowledge, 

the order of applying instance selection 

and feature selection has not been 

investigated in related domains. 

 

IV. ARCHITECTURE DESIGN 

 
 

V. IMPLEMENTATION 

 

 INSTANCE SELECTION 

 DATA REDUCTION 

 GRAPH MODULE 

 

 

INSTANCE SELECTION 

In this module a user has to upload its 

files in a cloud server, he/she should register 

first. Then only he/she can be able to do it. For 

that he needs to fill the details in the registration 

form. These details are maintained in a database. 

In this module, any of the above mentioned 

person have to login, they should login by 

giving their name and password 

 

DATA REDUCTION 

To save the labor cost of developers, the 

data reduction for bug triage has two goals. 

Reducing the data scale. 

Improving the accuracy of bug triage. 

In contrast to modeling the textual 

content of bug reports in existing work, we aim 

to augment the data set to build a preprocessing 

approach, which can be applied before an 

existing bug triage approach. We explain the 

two goals of data reduction Follows. 

 

GRAPH MODULE 

 Firstly it will show how many 

bugs are not assigned to any developer. It will 

give complete status about the bugs to the admin 

so that he will come to know which bugs are not 

assigned yet. 

 

VI. CONCLUSION 

Bug triage is an expensive step of 

software maintenance inboth labor cost and time 

cost. In this paper, we combine feature selection 

with instance selection to reduce the scale of bug 

data sets as well as improve the data quality.  

To determine the order of applying instance 

selection and feature selection for a new bug 

data set, we extract attributes of  each bug data 

set and train a predictive model based on 
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historical data sets. We empirically investigate 

the data reduction for bug triage in bug 

repositories of two large open source projects, 

namely Eclipse and Mozilla. Our work provides 

an approach to leveraging techniques on data 

processing to form reduced and high-quality bug 

data in software development and maintenance. 

In future work, we plan on improving 

the results of data reduction in bug triage to 

explore how to prepare a high quality bug data 

set and tackle a domain-specific software task. 

For predicting reduction orders, we plan to pay 

efforts to find out the potential relationship 

between the attributes of bug data sets and the 

reduction orders.  
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